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Abstract

As financial markets grow increasingly accessible and diverse, understanding the interplay between structural
factors and individual behaviors has become more critical than ever. This paper investigates the dynamic
relationship between gender differences, individual traits, and market mechanisms in shaping traders’ behavior.
With insight from the existing literature, we highlight the persistent differences in the financial decision-making
process as the market structures change, and we examine how these differences are driven by gender differences
as well as other individual factors such as financial literacy, risk attitude, or trading experience. Furthermore,
we consider the transformative impact of technological advancements and market design elements—such as
auction types, liquidity, and transparency—on trading behavior. The findings reveal the importance of tailored
financial literacy programs, inclusive policies, and technological interventions to create equitable and efficient
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financial environments, empowering a wider range of traders and enhancing market performance.
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Introduction

Financial trading is one of the key activities driving contem-
porary economic systems. The technological advancements,
the democratization of trading platforms, and an increasing
awareness of investor behavior have all contributed to evolv-
ing investment trends, which have increased the complexity of
financial markets. These markets, characterized by exchang-
ing diverse assets - such as stocks, bonds, and derivatives -
are shaped by numerous factors, including market structures,
institutional frameworks, and individual decision-making be-
haviors.

Scholars have studied financial trading from various per-
spectives, exploring areas such as market efficiency (Fama,
1970, 1998; Lo, 2004), behavioral biases (Shefrin, 2002; Bar-
beris and Thaler, 2003), and the impact of external shocks
(Shiller, 1980). Among these, one prominent area of inquiry
has focused on the role of gender in affecting trading behav-
ior (Barber and Odean, 2001; Charness and Gneezy, 2012;
Crosetto and Filippin, 2017). Several studies (see, e.g., Eckel
and Grossman, 2008; Croson and Gneezy, 2009; Dohmen et
al., 2011) suggest gender differences in risk preferences, over-
confidence levels, and decision-making approaches. Specif-
ically, men are often described as more overconfident and
risk-seeking than women, generally perceived as more risk-
averse and deliberate. These findings have influenced policies

aimed at promoting gender diversity in financial markets, yet
they risk oversimplifying a multifaceted and complex phe-
nomenon.

While gender undoubtedly influences financial decision-
making, it is far from being the sole, or even the primary,
determinant of trading behavior. Instead, this behavior is
primarily attributable to market mechanisms, institutional
structures, and individual differences — such as experience,
financial literacy, and cultural context — in which gender dif-
ference can play a relevant role (Eckel & Fiillbrunn, 2015;
Hasler and Lusardi, 2017). For instance, Hsu et al. (2021) find
that it is not gender difference per se that drives variations in
investment behavior, but rather the level of financial literacy.
They show that when financial literacy is high, no significant
gender difference in investment choices occur. Additionally,
recent studies indicate that technological advancements have
significantly transformed trading behaviors and perceptions
of financial markets (Koskelainen et al., 2023), reshaping
gender-based behavioral differences (Hargittai and Hinnant,
2008; D’ Acunto et al., 2019). Women are not only more risk-
averse and unconfident than men in their financial decisions
(Dohmen et al., 2012; Huang and Kisgen, 2013) but also more
rational (Powell and Ansic, 1997; Beckmann et al., 2008).
This allows them to invest less but more successfully (Hira
and Loibl, 2008; Montford and Goldsmith, 2016).

Furthermore, financial markets are not neutral environ-
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ments, their design — such as auction types, liquidity levels,
transparency, and transaction costs - significantly influences
traders’ behaviors in complex and multifaceted ways (Haruvy
et al., 2007; Bloomfield et al., 2009; Attanasi et al., 2020). For
instance, market rules significantly influence the extent and
the nature of competitive behavior (Smith, 1962), and hence
individuals’ attitudes to trade (Haruvy and Noussair, 2006;
Attanasi et al., 2016).

All these aspects highlight the need for a more compre-
hensive analysis of financial trading that incorporates both
market structures and gender differences, to understand better
how individual behaviors shape financial decision-making.

Therefore, this study seeks to disentangle the interplay
between gender, individual traits, and market mechanisms
in shaping trading behavior by conducting a comprehensive
and critical review of the existing literature. Specifically, we
examine whether commonly observed gender differences per-
sist across various market structures and explore how these
differences compare to other influencing factors, such as fi-
nancial literacy, risk preferences, and trading experience. Our
review focuses on the broader ecosystem in which trading
occurs, highlighting how different market structures impact
an individual’s financial behavior. By synthesizing insights
from prior studies, we aim to provide a clearer understanding
of the complex relationships between market mechanisms,
individual characteristics, and gender in trading contexts.

Financial behavior under different market
structures

Financial markets operate under various structures - such as
double auctions, call markets, over-the-counter, and electronic
platforms - that significantly influence trading behavior. These
structures dictate how information is disseminated, trades are
executed, and competition occurs.

Regardless of the digital dimension of the platform, these
effects can be illustrated by comparing two polar negotiation
environments: the call market and the double auction mar-
ket.> The call market (Cason and Friedman, 1997) operates
as a uniform price double auction, where participants submit
bids and asks simultaneously, and no transactions occur dur-
ing the trading period. Instead, trades are finalized at the end
of the period based on aggregated bids and asks. Conversely,
the double auction market (Smith, 1962) involves continuous
bidding and offering, where units are traded individually, and
negotiations for the next unit begin only after the previous
unit has been traded. As a result, transaction timing differs
significantly, with call markets aggregating trades after the
trading period while double auction markets execute trades

I'The main studies in the field, which consider an experimental approach,
are reported in the final Appendix.

2Since these two financial trading markets differ in terms of market effi-
ciency, liquidity, inclusivity, and transparency, they offer an ideal comparison
for justifying how different financial behaviors are driven by varying market
mechanisms, rather than solely by individual traits such as gender.
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immediately as bids and asks match during the trading pe-
riod.?

These differences in transaction mechanisms significantly
influence individuals’ financial behavior. Firstly, the delayed
execution in the call market provides participants with more
time for reflection and analysis, leading to more rational and
deliberate decisions compared to the double auction market.
Moreover, this aggregated execution process, minimizing the
emotional impact of immediate volatility and price fluctu-
ations, may attract more risk-averse traders. On the other
hand, the real-time nature of the double auction market cre-
ates a high-pressure environment, which often leads to faster
decisions that may be less reasoned, especially among less
experienced traders (Satterthwaite and Williams, 1993; Ca-
son and Friedman, 1997). This results in a market appealing
only to higher risk-seeking traders, who thrive in volatile and
competitive trading conditions. Additionally, the continuous
flow of information in double auction markets enables par-
ticipants to adopt more strategic behavior by adjusting their
strategies in response to market signals, thus leveraging their
competitiveness (Holt, 1995).*

Another polar differentiation that better elucidates how
different market structures influence traders’ behavior, in-
dependently of gender differences, is between the over-the-
counter market and the double auction market. Attanasi et
al. (2016) demonstrate that efficiency and market dynamics
are the primary differences. Specifically, the double auction
market consistently achieves higher efficiency since bids and
asks are publicly visible, encouraging competitive pricing and
quicker responses to trading opportunities. Conversely, the
over-the-counter market, characterized by private bilateral
negotiations and lack of transparency results in less infor-
mation flow and greater inefficiency, as traders have limited
knowledge of other offers in the market.”

These structural differences, once again, lead to distinct
trader behaviors. In the double auction market, the continuous

3Smith’s (1962) seminal work on the impact of double auction market
structure demonstrated how this market setup, more than other systems,
encourages participants to rationally reach market efficiency. Davis and Holt
(2021), in their comprehensive review of laboratory experiments, emphasized
that market efficiency can be hindered by psychological factors such as loss
aversion and overconfidence. Holt (2019) further explored how these factors
drive participants to adopt strategic behaviors to achieve desirable outcomes
and minimize losses.

“#Previous studies have also demonstrated that variations in market struc-
tures, by shaping traders’ behavior, significantly impact price formation and
the convergence toward equilibrium. Smith (1962) suggests that competitive
market equilibrium may not solely depend on the intersection of supply and
demand but also their relative elasticity, with more elastic supply curves
leading to upward price biases, particularly when buyer rents exceed seller
rents. This “excess-rent hypothesis” links price adjustment speeds to virtual
rent differences. Additionally, Cason and Friedman (1997) show that trading
efficiency improves with greater information revelation and trader experience,
though it often falls short of Bayesian Nash equilibrium predictions due to
underrevelation of true preferences, leading to missed opportunities.

SThese findings mirror Chamberlin’s (1948) endeavor on imperfect mar-
kets, where he observed that isolated and decentralized bargaining reduces
overall efficiency, due to limited price information (preventing convergence)
and variable, unpredictable transaction times.



Financial Trading Is Not Just a Gender-based Difference Issue. A Critical Investigation Across Market Mechanisms —

flow of information fosters more competitive and strategic be-
havior, as traders adapt quickly to market signals and actively
seek profitable opportunities. This environment often leads to
more opportunistic behavior and lower guilt aversion regard-
ing the potential harm caused to other traders (Camerer and
Fehr, 2006). The private and decentralized nature of the over-
the-counter market promotes a more cautious, negotiation-
driven approach. The lack of transparency and the reliance on
trust-based relationships reduce competitiveness and strategic
responses, as traders are less informed about broader market
conditions. As in the call market, also this environment tends
to attract more risk-averse traders, as the absence of immedi-
ate competition allows for more thoughtful decision-making.
However, the information asymmetry and prolonged negoti-
ations in the over-the-counter market result in less efficient
outcomes compared to the call market, with traders potentially
missing optimal opportunities, and hence less prone to stay in
the market (Holt, 2006; Attanasi et al., 2016).

Therefore, different market structures are able to generate
different emotional statuses, in terms of risk, guilt, and trust,
that significantly affect individuals’ financial decision-making
process (Barberis and Thaler, 2003; Camerer and Fehr, 2006).

Another important element that affects traders’ behavior
together with the market structure, is associated with the mar-
ket size, i.e. the number of traders in the market. A larger
market often leads to increased liquidity and more competi-
tive dynamics, as the interaction of more buyers and sellers
encourages strategic behaviors, such as capitalizing on small
price movements or exploiting arbitrage opportunities. Then,
price discovery tends to be more efficient due to the greater
volume of information being processed and the increased
number of transactions, which can lead to faster adjustments
to new information (Biais et al. 2005). In contrast, the lim-
ited number of traders in a smaller market reduces compe-
tition and liquidity, leading to higher transaction costs, less
efficient price discovery, and potentially more volatile pric-
ing. In such markets, large trades from a few participants
can cause significant price fluctuations, and traders may rely
more on interpersonal relationships and informal negotiations.
The impossibility of preserving anonymity heavily influences
psychology (Guiso et al., 2008), encouraging more cautious
behavior and maintaining long-term relationships and reputa-
tions, thus adjusting trading strategies to avoid behaviors that
could damage their standing with other market participants. In
contrast, larger markets, with greater anonymity, can promote
more competitive and opportunistic behavior, as the potential
consequences of individual actions are diluted across a larger
group of traders.

However, the given market structure mitigates the psy-
chological effect of market size. Even if the traded quantity
increases as the market size rises (Simth, 1962; Holt, 1995;
Cason and Friedman, 1997; Biais et al., 2005), the market ef-
ficiency is differently reached across market structures (Gode
and Sunder, 1993; Attanasi et al., 2016, 2020). For instance,
Attanasi et al. (2016), focusing on two different market struc-
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tures - double auction and over-the-counter - have shown
that as the market size increases, in the former there is an
increase in efficiency whereas in the latter a decrease, as
traders tend to delay accepting offers, anticipating better ones
from other traders. This strategic waiting reduces transaction
volumes relative to a double auction market of comparable
size. Similarly, Gode and Sunder (1993) demonstrated that
even with zero-intelligence traders, market efficiency can still
be achieved, but this is highly dependent on the underlying
market mechanism. Building on this, Attanasi et al. (2020)
compared human behavior with zero-intelligence agents in
the same market environment, finding that in a double auction
market, human performance aligns more closely with zero-
intelligence predictions, while in an over-the-counter market,
human behavior deviates significantly, leading to less efficient
trading outcomes.

Traders in contemporary markets are not only influenced
by market structure and size but also by the cognitive biases
and emotional dynamics that new technologies both exacer-
bate and facilitate. Traders are becoming overconfident in
the predictive power of their models as trading decisions are
driven not by personal judgment but by algorithmic strategies
or automated systems, which leads to increased risk-taking be-
haviors. Additionally, the fast-paced nature of electronic mar-
kets can foster overreaction and herding behavior, as traders
may follow the crowd due to the real-time flow of information,
creating a false sense of certainty (Harris, 2002; Barberis et
al., 2005). These dynamics exacerbate psychological biases,
such as overconfidence and loss aversion, as decisions are
made quickly under pressure (Kahneman & Tversky, 1979).
Furthermore, prospect theory studies suggest that subjects
may be more risk-averse when facing potential losses but
more willing to take risks to chase potential gains (Tversky
& Kahneman, 1992); a tendency heightened by frequent and
rapid trading.

Moreover, the rise of social media has consolidated a
“herding behavior” (Scharfstein and Stein, 1990), with an
excess of financial information, both accurate and inaccu-
rate, challenging traditional assumptions of rational decision-
making in markets (Shiller, 2020). These platforms intensify
emotional reactions like fear and greed, contributing to sud-
den market shifts, such as the recent case of GameStop’s short
squeeze in 2021.

Gender differences in the financial
decision-making process

Financial behaviors are not solely determined by market mech-
anisms (e.g., market structure, market size, market technol-
ogy) but are also influenced by the individual characteristics of
agents, such as financial literacy, risk preferences, and trading
experience. Within this framework of personal traits, numer-
ous studies have explored the role of gender as a potential
driver of differences in financial decision-making, and hence
on consequences for market efficiency (see, among others,
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Barber and Odean, 2001; Gneezy et al., 2003; Niederle and
Vesterlund, 2007; Charness and Gneezy, 2012; Crosetto and
Filippin, 2017).

The literature presents an interesting debate on the influ-
ence of gender on financial behaviors. The majority of studies
identify gender differences as a discriminant factor influencing
financial choices, with women less prone to invest and more
cautious when doing it, by preferring long-term and high-
return investment options (Lewellen et al., 1977; Niederle
and Vesterlund, 2007). However, a minority of studies rec-
ognize that while gender differences exist and significantly
impact financial choices, they are not the predominant deter-
minant of behavior. Instead, gender is part of a broader set
of factors — risk and/or ambiguity preferences, trust attitude,
and market knowledge — that primarily influence financial
behavior (Kahneman and Tversky, 1979; Barber and Odean,
2001; Croson and Gneezy, 2009). Therefore, it is not gen-
der per se that determines the differences in financial trading
but different psychological traits, framing, financial literacy,
and social dynamics. For instance, Kahneman and Tversky’s
Prospect Theory (1979) suggests that both men and women
are subject to biases like loss aversion, which can strongly
influence their decisions regardless of gender. Moreover, fi-
nancial literacy and market experience often mediate or even
outweigh the effects of gender on decision-making, showing
that increased knowledge reduces gender-based disparities in
financial behavior (Lusardi and Mitchell, 2008; Hsu et al.,
2021). Additionally, the dynamics of financial advice demon-
strate that gender interactions can affect risk preferences, with
men, advised by women, taking on more risks, and women,
advised by men, adopting a more cautious approach (Monne
et al., 2024).

Furthermore, at equal levels of knowledge and compe-
tence in the financial world, studies have shown that women
exhibit distinct behaviors according to the type of financial
market they experience (Eckel and Grossman, 2008; Char-
ness and Gneezy, 2012). These different behaviors suggest
that women are not inherently less inclined to participate in
financial markets. Instead, they tend to carefully evaluate the
risks and benefits of a market and adapt their behavior accord-
ingly (Schubert et al., 1999; Adams & Funk, 2012). Thus, we
proceed in the dissertation with a critical perspective, leaning
towards the dimension that women are not less competitive or
capable than their male counterparts. Rather, they are more
rational and strategically oriented, opting to trade only when
there is a clear and profitable opportunity.

Notably, Beyer (1990) argues that women tend to under-
estimate their capabilities compared to men, even when they
perform well. This self-perception induces women to assume
a more conservative style and avoid competitive situations
(Estes et al., 1988), by diversifying their choices (Graham et
al., 2002). In contrast, men’s overconfidence drives them to
take greater risks, entering competitive markets at any cost
(Schubert et al., 1999; Niederle and Vesterlund, 2007; Char-
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ness and Gneezy, 2012).6 Additionally, this confidence level
is weighted by the environment in which individuals oper-
ate as active traders. A competitive environment can induce
behavioral differences as subjects adapt their strategies to dis-
tinct contexts (Schubert et al., 1999; Gneezy et al., 2003). The
impact of the environment is also visible at a young age, as
boys typically thrive in competitive settings while girls may
not respond as positively, especially when competing directly
against boys (Gneezy and Rustichini, 2004).

These differences in financial behavior according to the fi-
nancial environment are further illustrated through classroom
experiments. For instance, Holt (1999), focusing on two finan-
cial market environments - call market and double auction -
found that, through sequential trading rounds, individuals can
better understand the market rules and converge to an equilib-
rium price, adjusting intra’ and extra® marginal units in both
markets. Nevertheless, in the call market, where transactions
occur at regular intervals and all orders are executed simul-
taneously at a determined equilibrium price, women, who
on average are more risk-averse, may feel more pressured
to make conservative bids to ensure transaction completion,
regardless of the final gain. This could lead to lower perfor-
mance due to the higher perceived risk of being excluded from
the market. Conversely, women may perform better in the
double auction market, where continuous bidding and offer-
ing allow for more flexible and ongoing negotiations. The
less rigid structure of double auction provides women with
more opportunities to adjust their strategies and engage in
more collaborative and less aggressive negotiation schemes
(Crosetto, and Filippin, 2017), potentially leading to improved
performance outcomes compared to the more structured and
competitive environment of call markets.

Policy implications and conclusion

Throughout this study, we have investigated the complex in-
terplay between market structures, individual characteristics,
and gender differences in shaping financial trading decisions.
Although gender differences in risk preferences and financial
decision-making are well-documented, they do not operate in
isolation. Factors such as financial literacy, market experience,
and trading environment design play pivotal roles in deter-
mining outcomes (Haruvy et al., 2007; Lusardi and Mitchell,

Gender differences in selecting competitive tournament compensation
schemes are influenced by varying preferences for performance incentives.
Low-ability men tend to enter tournaments excessively, while high-ability
women are less likely to participate, even when it would maximize their
payoffs (Niederle and Vesterlund, 2007). This behavior is often driven by
overconfidence, with men overestimating their abilities in domains perceived
as masculine, such as financial trading, which leads them to trade more
frequently than women (Barber and Odean, 2001). As a result, men are more
likely to choose competitive schemes, even when their actual performance is
comparable to that of women.

"The units of subjects able to remain in the market by succeeding in the
transaction completion.

8The units of subjects unable to remain in the market by failing to complete
their transaction.
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2008; Bloomfield et al., 2009; Attanasi et al., 2020; Hsu et al.,
2021, Monne et al., 2024).

Our findings suggest that policymakers and financial in-
stitutions should adopt more comprehensive strategies to im-
prove participation and efficiency in the financial markets and
trading activities. These strategies should address the systemic
barriers inherent in financial structures, prioritize financial ed-
ucation, and utilize technological advancements to encourage
inclusivity, moving beyond the simplistic gender-based issue.

To begin with, policymakers and financial institutions
should promote tailored financial literacy programs to en-
hance the understanding of financial instruments and market
dynamics. These programs should help investors to make
more informed decisions, reducing the impact of psychologi-
cal biases, such as risk aversion or under/over-confidence. In
promoting these educational initiatives, they should prioritize
underrepresented groups, particularly women.

Moreover, to incentivize gender diversity in financial mar-
kets and trading operations, authorities could intervene with
subsidies, tax benefits, or targeted grants for women traders
and investors (Adams and Funk, 2012).

Additionally, they may cultivate inclusive cultures that
challenge stereotypes and promote gender equity in leader-
ship roles (Sila et al., 2016). Mentorship programs, diver-
sity training, and transparent performance evaluation criteria
could help dismantle biases and create environments where all
traders feel equally empowered to engage in financial markets.

Furthermore, with the increasing reliance on algorithmic
trading and digital platforms, leveraging technology to pro-
vide greater transparency, personalized recommendations, and
behavioral nudges could help individuals overcome cognitive
biases, building trust and mitigating risk perception (Elbzk et
al., 2022). For instance, tools that provide real-time feedback
on trading decisions or simulate long-term outcomes could
encourage more balanced and rational investment strategies.

Finally, considering the market structures, the introduction
of hybrid structures that balance flexibility and transparency
could cater to diverse trader preferences, accommodating both
risk-averse and risk-seeking participants (Bloomfield et al.,
2009). For instance, semi-aggregated auction formats could
combine the deliberative aspects of call markets with the
dynamic adaptability of double auctions, potentially reducing
barriers for risk-averse traders while maintaining competitive
efficiency.

By acknowledging the diversity of individual traits, the
nuanced effects of market mechanisms, and the implications
of technologies, policymakers and financial institutions can
design financial systems that are equitable, resilient, and adap-
tive. These systems will better reflect the complexity of con-
temporary markets, driving financial growth while empower-
ing a broader range of participants to thrive in the financial
markets.
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